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Onetask of traffic safety engineer sistheidentification of high crash loca-
tions and selection of appropriate highway treatments to reduce the
number of crashes. This process relies on the availability of accurate
information on crash reduction factor sof varioustreatments. Currently,
most agenciesrely on information dating back to the 1960s. It is neces-
sary to update and reassessthese factorsusing new data and new evalu-
ation methods. A before-and-after study is currently being conducted
using empirical Bayesian methodsto estimatecrash reduction factor sfor
moder n conditionson two-lanerural highways. Theresultsof the second
phase of the study arereported, which aimed to evaluate the safety ben-
efits of inter section approach realignment. Furthermore, an analysis of
variance model isused to identify extra benefits of comprehensivetreat-
ments. Theimprovements studied appeared to reduce the total number
of crashes, but the effect on type of crasheswas different. Also, combin-
ing realignment with adding a left-turn lane or traffic signal does not
appear to offer significant additional benefitsin crash reduction.

An important aspect of traffic engineering is improving the safety
of highways. Highway improvements, such as adding | eft-turn lanes,
widening travel lanes, flattening sharp curves, or realigning inter-
section angles, areregarded as effective methodsto reduce the num-
ber of crashes. Estimating lives saved and property damage avoided
through specific highway improvements provides information for
selecting the appropriate countermeasure for a specific hazardous
location, thus allocating a small budget more effectively. But as
noted in previous publications by the authors (1, 2), currently much
of this estimation process is done on the basis of a study using data
over 50 years old, and there is a need to update the predictions of
crash reduction rates using new observations.

Ongoing research into updating these crash reduction factorsis
described in Phase Il of ajoint highway research advisory council
project titled “Estimating Benefits from Specific Highway Safety
Improvements.” The overall objective of thisproject isto updatethe
prediction procedure. Thefirst phase of the project was afeasibility
study that formed and demonstrated a procedure for predicting the
crash reduction rates of specific highway safety improvements
according to prevailing features of the implementation site. One
objective was to determine the availability of data from existing
Connecticut Department of Transportation (ConnDOT) record sys-
tems for developing statistically reliable estimates of crash reduc-
tion factors. As noted in the first phase report (1), the feasibility of
gathering the needed data has been clearly established.
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In the Phase | study, four rural, two-lane intersections with vary-
ing background conditions were examined, which were all subject
to the sametype of improvement: roadway or intersection approach
leg realignment. Two methods of before-and-after analysis for cal-
culating crash reduction factors were demonstrated in the applica-
tion: point estimation with confidenceintervalsand likelihood func-
tion estimation. Because of the scope of work for the first phase of
the project, comparison with groups of similar siteswas not applied.

In Phase I, data collection and analysis procedures were refined
using greater numbers of analysissitesand larger quantities of data.
Thefocusin this phase was on the collection of dataat alarger sam-
ple of intersections with conditions similar to those studied in the
first phase, including some that were improved and some that were
not. Study intersections (those treated) involve either a curve on the
main road being straightened or a skewed approach leg being re-
aligned. Intersectionsand road sectionsthat al so have similar problems
(i.e., sharp curves or skewed intersection approaches) and similar
background conditions (i.e., popul ation density, traffic control type,
left-turn arrangement, number of legs) without improvements
served as control cases to establish the baseline crash rates that
would be expected if no improvement were implemented. Thiswas
done to avoid the common regression-to-the-mean problem.

Furthermore, in the past 40 years, much research has discussed
the benefit of various highway treatments. However, few studies
have addressed the effects of combining multiple treatments, even
though thisisacommon situation. The combined effects of realign-
ing aroadway along with adding asigna or left-turn lane were stud-
ied on a preliminary basis to learn if combining these treatments
resultsin extra safety benefits.

STUDY METHODOLOGY
Before-and-After Method

This before-and-after study determined the safety effect of an im-
provement by comparing the crash rate expected without imple-
menting the improvement with the crash rate observed after the
improvement. As noted in a previous paper (2), the problem most
frequently associated in the literature with this type of study isthe
regression-to-the-mean effect. The key concept hereis estimation of
the number of crashes expected if no improvement had been done at
the site. Various researchers have developed different methods to
address this problem.

One approach is the use of matched-control-group methods that
involve a classical experimental design (3, 4). In this method, the
changesin crash rates at thetreated sites are compared with those for
acarefully matched control group. Crash datafor both the beforeand
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after periods of the control group are required. Theoreticaly, this
type of method avoidsthe regression-to-the-mean effect completely
and the problem of bias does not arise, but the method has some
practical difficulties because of the extensive data requirements.

The empirical Bayesian (EB) method was introduced by various
researchers (3-8) to compute estimates of after crashes without the
improvement. In this method the number of crashes expected with-
out the improvement is estimated using the “before” crash count at
thetreated sites along with acontrol group consisting of countsfrom
areference group of sites similar to the treated sites. This kind of
analysis assumes that the number of crashes at any particular loca-
tion fits the Poisson distribution. The expected number of crashesis
arandom variable with a gamma probability distribution over the
population of anumber of sites, and the expected crash rateisaran-
dom variable with a gamma probability distribution. This method
does not require crash datain the after periodsfor the control cases.

In Hauer's (3, 5) and Hauer and Persaud’ s (4) studies, misdefined
asthe expected number of crashesat alocation, and the actual count
of crashes that is subject to random variation is denoted by x. The
actual crash count should betreated like one observation from aran-
dom variable because of natura fluctuations. The distribution of m's
in agroup of sites can be described by a gamma probability distrib-
ution function. With this in mind, one can estimate the expected
number of crashesfor atreated site and compare this estimator with
the observed after count to get the crash reduction factor, thus miti-
gating the regression-to-the-mean effect.

Hauer (3) and Hauer and Persaud (4) derived the following for-
mula to estimate m for a site at which the observed crash count
isx:

e = x +{E(m)/[VAR(m) + E(M)]} [E(M) - X (1)
which can also be written as
e = aE(m)+ (1 -a)x 2

where

€ = estimator of mfor intersection that recorded x crashes,
X = crash count,
E(m) = expected value of m,
VAR(m) = variance of m, and

o = [1+ VAR(m)/E(m)] ™ ©)

The following equations are provided by Hauer (5) to calculate
E(m) and VAR(m) for populations having a gamma distribution:

E(m) = X (4
VAR(M) = & - X (5)

Many previous studies also compared the performances of dif-
ferent methods of conducting the before-and-after study. Kulmala
studied the safety effect of road measures at junctions such as road
lighting, stop sign, signal control, and road widening and concluded
that the magnitude of the regression-to-the-mean effect was an
average of 20 percent and varied greatly between the different mea-
sures (9). Al-Masaeid et al. (7) examined the performance of dif-
ferent safety evaluation methods and found that the simple before
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and after method overestimated the effectiveness of safety improve-
ments and led to erroneous conclusions at specific locations aswell
asat the aggregate level. Their analysisindicated that the results of
using the EB method were generally comparable with the results
obtained from analysis using the before-and-after study with the
comparison group method. Therefore, they recommended that the
Bayesian method be used in evaluating safety improvements if
there is a difficulty in identifying a suitable and large number of
comparison locations. Mountain et al. (10) concluded that the EB
methods did not perform significantly better than other methodsin
assessing the changes in crash frequencies at intersections, but for
link segments EB methods perform better with regard to all summary
measures.

Recently Davis argued that methods for estimating accident reduc-
tion effects could be compromised when not properly accounting for
theinfluence of the site sel ection mechanism (11). Whentheimprove-
ment sites are considered only on the basis of critical crash count and
no other factors, the EB estimator is consistent, provided the samples
in the control group are gamma distributed. But when site selection
is confounded by an important factor that is neglected in the before-
and-after estimation, the EB estimator becomes inconsistent. There-
fore, Davis suggested that when estimating effects of traffic safety
measures, site selection is included as part of the overall assessing
procedure.

Another important part of crash reduction studies is conducting
a conclusive statistical experiment for the analysis. Procedures and
examplesof inferring thereduction factorsby point estimator with con-
fidence interval and likelihood functions taken from Hauer (3) were
giveninthe Phase 1 report (1, 2).

Likelihood measures the possibility of different expected values
for crash reduction because of the safety treatment when the out-
come of the treatment has been observed. Thelikelihood functionis
of the following form:

L(®) = IjeN“[B £ o+ (Va/Va), AG] (e B ©

a = Na/lﬁ - Nal (1)

The parameters a; and f3; are estimates given by

a = Ny /| - Ny ®)
B = N3 /|5 — Naf 9)
where

Ng = sample mean of the number of before crashes for the
group to which site i belongs,
S, = sample variance of the number of before crashes for
the group to which sitei belongs,
(VA/Vg); = ratio of exposure in the after to the before period for
sitei,
Ng, = observed number of before crashes for sitei,
Ny, = observed number of after crashesfor sitei,
B; = number of yearsin the before period for sitei, and
A = number of yearsin the after period for sitei.

Thevariable 6 servesastheindex of the safety effect. If ameasure
reduces the expected number of accidents to 90 percent of its previ-
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ousvalue, then 8 =0.90. If ameasure causesan increase of 5 percent,
then © = 1.05. In other words, the reduction factor is1-6. The L (6)
valueisscaled between 0 and 1: thelarger thevalueof L (8), themore
likely isthe value of 1 — 8 to be the true reduction factor.

Analysis of Variance

Analysis of variance (ANOVA) models are useful for studying the
statistical relation between a dependent variable and one or more
independent variables. Therefore, ANOVA can be applied in anadyz-
ing the different benefit estimates of various highway improvements
or treatments. The crash rate reduction is adependent variablethat
is regarded as the basic criterion for evaluating the benefit of
the improvement. The treatment type is an independent variable.
The ANOVA model isasfollows:

Bi=n+a +¢ (10

where

P, = crash rate reduction of sitej with treatment i,
| = overall effect on the sites (such as weather, traffic volume,
and geometric design),
a; = effect due to treatment i, and
€; = errorsthat areidentically and independently distributed.

The null hypothesisisthat the effects because of treatments are the
same. If the hypothesis is not rejected, it must be concluded that
thereis no significant difference between the two treatments.

STUDY DESIGN

Onthe basis of the Phase | result, the study was continued in Phase |

by adding more sites. Other than having moretrested sitesin the sam-
ple, the mgjor difference between these two phasesis that the before
crash frequency at atreated sitewill be adjusted by a control group of
similar intersections and the parameters a and (3 in likelihood func-
tionswill also be estimated from the control group. Intersections that
have similar problems and similar background conditions that were
not improved served as control cases to establish the baseline crash
rates that would be expected if no treatment was implemented.
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Site Selection

L ocationswere restricted to intersections on suburban and rural two-
lane highways that had been the subject of roadway realignment
projects. Asin the previous phase, study sitesinvolve either acurve
on the main road being straightened, which is referred to as curve
realignment, or a skewed intersection approach leg on the side road
being realigned, which isreferred to as angle realignment.

The study sites are selected from a ConnDOT preconstruction
management system list of projects that have been implemented in
recent years. The main standard for selection of the sites was the
availability of asufficient number of years of crash data before and
after construction. The 12 study sites are listed in Table 1. Crash
datawere available from January 1989 to June 1998; al of the study
sites selected have a before period of at least 3 years and an after
period of at least 7 months.

To select control sites, the study sites were classified into seven
groups, as shown in Table 1, according to their population density,
presence of asignal, and left-turn arrangement. An “A” in the group
name indicates that the trestment approach was angle realignment; a
“C” in the name indicates curve realignment. Intersection Route 70
and Route 68 in Group 6C isthe only study sitewith atraffic signal for
thebefore period. For each group, at least five control sitesare selected.

Data Collection and Preparation

Geometric and crash datafor study siteswere collected within 0.16 km
(0.1 mi) of each approach of theintersectionswith the samevariables.
Crashes occurring during the construction period were excluded
from the analysis. The average daily traffic vehicle entering each
intersection was used as traffic exposure. Table 1 lists some of the
important physical characteristics for the study sites.

Because of the difficulty of retrieving large amounts of data, crash
data for the control sites were collected only from 1993 to March
1997. The expected crash frequency and variance for each group
were calculated on the basis of these data. This is accomplished
using the assumption that there was no timetrend in these crash data
because the datain thistime period (1993 to 1997) were used to rep-
resent the general situation inthelong run. Table 2 showstheresults
of expected crash estimation for study sitesusing control sitesby EB
methods. In Phasell, instead of using the observed crash ratefor the

TABLE 1 Important Before Site Characteristics
Control| Site I . T Before || After T Population Sienal Left | Number of
group | ID ntersection own crash crash reatment density** 1gna turn | driveways
1A | 2016 JRt. 6 & Rt. 316 Andover 29 23 134 170 no* no* 7
2A 1002 [IRt. 79 & Sr.450 Madison 40 19 14 440 no no* 4
2 1003 IRt 163 & Maple St Montville 19 3 2 400 no no 3
1005 JIRt.7 & Candlewood Lake Rd |New Milford |40 18 2 400 no no 4
3A 2019 [IRt. 123 & OI1d Norwalk Dr New Canaan |34 14 1.4 820 no no* 4
1004 fR1.106 & Weed St New Canaan [|53 S 1.5 820 no no 10
4A 2011 |Rt S& 150 Wallingford [I53 81 1.3 1100 no* no 11
2022 [Rt.71 & 150 Wallingford 169 53 1,5 1100 no no 6
2023 [IRt. 69 & Wolcott St Bristol t86 6 134 2300 no* no* 7
5A {2013 Rt.44 & Tolland St East Hartford||156 13 1 2700 no no 24
2020 IRt 174 \'(S Newington {116 8 1 2200 1o no 2
6C 12012 JRt. 70 & Rt.68 Cheshire (66 36 12 840 yes yes 9

Treatment: 1. Approach angle realignment; 2. Horizontal curve realignment; 3. Add signal; 4. Add left turn lane; 5. Remove island.

* feature was added with improvement. ** people per square mile.
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TABLE 2 Control Group Statistics and Crash Estimation
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Control Contro} Intersection E(m) VAR (m) x £ ADT ¥ ¥
group ID| sample size €
1A 5 2016 8 13 29 21| 15250 1.4 1.0
2A 6 1002 12 101 40 371 12250 1.9 1.7
2C 5 1003 8 10 19 14 4850 2.5 1.9
1005 18 77 40 36| 11400 2.2 2.0
3A 6 2019 21 146 34 32| 12220 1.5 1.4
1004 21 149 53 49| 12240 2.2 2.1
4A 5 2011 31 662, 53 52| 19000 2.4 2.4
2022 40 1099 69 68| 16040 2.5 2.4
2023 42 734 86 84| 11450 2.4 2.4
5A 5 2013, 55 1251 156 152 16790 3.4 3.3
2020, 17 113 16 16] 11540 1.1 1.1
6C 5 2012 21 72 66 60| 22950 2.0 19

m: expected number of crashes at a location; E(m): expected value of m; VAR (m): variance of m; x: crash count;
£ = x + {Em)/[VAR(m) + E()]} [E(m) - x]: A = x/average daily traffic (ADT); ADT A. =&/ ADT.

before period, the expected crash frequency was estimated for the
study sites (e) from their control group statistics and their actual
crash counts (x); the expected crash rate (A.) was calculated for the
before period using e. A, was used for comparison with the after
crash rates and to obtain the crash reduction factors.

ANALYSIS

Crasheswere classified into different categoriesin order to study the
safety effect of theimprovement on different crash types. Onetype
isthe multivehicle nonintersection crash; these crashes occur within
0.16 km (0.1 mi) of the intersection but not directly related to the
intersecting point. For the curve realignment group, this category
was further divided into driveway related and into the category of
other in order to study the effect of driveways on the crash reduc-
tion factor. Another category isthe multivehicle intersection crash;
these are the crashes that occur directly at the intersecting point and
because of the existence of the intersection. They are further classi-
fied into head-on, rear-end, and other crashes. For the anglerealign-
ment group, head-on turn crashes were separated out because there
was alarge number of this crash type for the before period at one of
the study sitesin this group. The study aimed to analyze the occur-
rence of these crashes after the treatment. The other large crash cate-

gorieswere run-off-road crashes and hit-animal crashes. Generally,
these were single-vehicle crashes.

In the curve realignment group, head-on and rear-end crashes at
intersection, run-off-road, and hit-animal crashes were considered
to be the target crashes (crashes the treatment was expected to
reduce). Multivehicle crashes at intersections were considered the
target crash for the angle realignment treatment.

The crash reductions for the two treatments along with their
90 percent confidence intervals for al type of crashes were calcu-
lated. Thelikelihood functions of total crashesfor the seven groups
were also studied to get better ideas of how they distributed around
themost likely values of the crash reduction. The effect of other fac-
tors such as traffic volume and driveways on the crash reduction
factor was also studied. Some of the sites received other treatment
such asthe addition of aleft-turn lane and addition of traffic signals
at the time of the realignment treatment; the comprehensive effect
of these treatments on reducing crashes was also examined.

RESULTS

Tables 3 and 4 quantify the reduction in crash rates for curve
realignment and angle realignment, respectively. In the tables, the
expected reduction factors were calculated with their 90 percent

TABLE 3 Crash Rate Reduction Factors for Curve Realignment

Crash Category 1003 (2C) | 1005 (2C) | 2012 (6C) Mean Std. Dev. | 90% upper | 90% lower
Multivehicle Driveway 100% -584% 56%) -143% 383% 100% -7173%
nonintersection Other 43% 2% 16°/<j 20% 20% 54% -1 3‘2}
Subtotal 52% -711% 50% 10% 1% 100% -106%
|Head-on NA 100% 100% 100% 0% 100% 100";_'
Multivehicle IRear-end NA 18% 22% 20% 3% 24% 15%
intersection Other NA 100% -486% -193% 415% 100% -875%
Subtotal NA 66% -1 1"/;’ 28% 54% 100% -61 "/:
Run off road 88% 61% 53% 67% 18% 98% 37%
[Hit animal 100% 17% NA| 89% 16% 100% 62%|
Target 89% 58% 35% 61% 27% 100% 169
Total 77% 38% 36%l S51% 23% 89% 12%

Bold means target crashes; NA denotes no crashes during the before or total study period. Note that reduction factor cannot be
greater than 100%; negative reduction factors indicate an increased crash rate.
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TABLE 4 Crash Rate Reduction Factors for Angle Realignment
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1002~ | 1004 | 2011% | 2013* [2016%+] 2019~ | 2020 | 2022 [2023*~ sd. | 90% | 90%

Crash Category am | ea | aay | 6a |l aa | oa l a | @a | sa) | M | Dev. | wper | lower
Multiveh nonint 100%] 100%] 7% 57%]  40%]  sew]  27%] 209l -373%| 296l 145%| 100%l -236%
Head-on 100%] __sa%| 100%] 100%] Na|  Na|  Nal  Nal  Nal oe%] 8wl 100%| 82%

Multi- |Rear-end 40%|  67%|  15%|  14%| -16%| 78%| 64%| 10%| 100%| 41%| 38%| 100%| -22¢
vehicle |Head-ontum || NA|l  Na|  NA| -155%]  Nal  Na] Nl s8%| -609%| -235%| 341%| 100%| -796%
int Other 100%]  100%]  39%| 709  85%]  20%|  79%|  -6%| 100%)  50%|  59%| 100%| -47°
Subtotal 52%]  77%|  39%| 7%l 32%| 6%l 74%| 19%| 70%| 47%| 29%| 94%| o0¢

Run off road Nal  7a%] 200]  aew] 208%]  22%]  64%]  25%] 204%|  37%] 112%| 100% -zzov%
[Hit animal 306 100%]  30%[ -a10%]  NAl -107%]  Nal  Nal  Nall 759l 2009 100%l -407%
Target 20 779%] 30%] 7% 32%]  66%]  7a%|  19%]  70%|  47%]  20%| 94% O‘Vgi
Total a79%] g1l 7ol 15wl 19wl 36l 4%l 199l -aswl| 270l 379l  ss%l -35%

~ Add left turn lane; * Add signal; bold means target crashes; NA denotes no crashes during the before or total study period. Note that
reduction factor cannot be greater than 100%; negative reduction factors indicate an increased crash rate.

confidence intervals, and the values are presented as percentages.
Since the reduction factor cannot be greater than 100 percent, the
upper limit was set to be 100 percent. There were three study sites
in the curve realignment group. The 90 percent confidence interval
was 16 to 100 percent for target crashesand 12 to 89 percent for total
crashes, both showing significant reductions. From Table 3, what
can also be seen is that the nontarget crashes such as intersection
multivehicle crashes other than head-on and rear-end and multi-
vehicle nonintersection crashes have a negative lower bound of
crash reduction, which implies these crashes are not necessarily
reduced by the treatment.

The observation of the increase of multivehicle nonintersection
crashes at Site 1005 is consistent with what was observed in Phase |
(1, 2). Thisis because of the three crashes occurring at driveways
near the intersection in the after period, which might imply that
straightening the curve increased the vehicle speed in the vicinity
of the intersection and these driveways, thereby making the drive-
ways become more dangerous. Also, it was observed that multi-
vehicle intersection crashes other than head-on and rear-end
crashes increased at Site 2012. This was the only site with traffic
signal control for the before period, with an average daily traffic of
more than 20,000 vehicles entering the intersection, suggesting that
these factors may reduce the effectiveness of the treatment for crash
reduction.

Inthe angle realignment group, thetarget crashes had a 90 percent
confidence interval of O to 94 percent, suggesting that the treatment
can have a positive effect on reducing target crashes. The total num-
ber of crasheswasreduced at eight of the study sites but increased at
Site 2023. Thelower bound for 90 percent confidenceinterval was
-35 percent, which showed some uncertainty in the overall safety
benefits. Head-on crashes at the intersection were reduced substan-
tially at all sites. Run-off-road crashes increased at four out of the
eight sitesthat were applicable, and hit-animal crashesalso had great
variance among the study sites.

Figure 1 presentsthelikelihood curves of total crash reduction for
the curve realignment group. The most likely value for the crash
reduction factor is about .5 on the plot. Thisis consistent with the
val ue obtained using the point estimation method in Table 3 (.51).
The curve located at the positive part of the axis indicates that the
improvement was effective at reducing total crashes.

Figure 2 gives the same information for angle realignment by
group. Each curve on the plot summarizesthe total crash reduction
inagroup, and the overall curve summarizeslikelihood function for
all sites that experienced angle realignment treatment. The most

likely value is .30, which is also close to the group mean of .27 in
Table4. Almost al pointson the curve arelocated between .1 and .5,
indicating the effect of theimprovement on total crashisundeniably
positive.

There is variance among the reduction factors, which may be
because of some different site characteristics at different locations. In
thisphase, some of thevariancewas explained by examining site char-
acteristics such asareatype, traffic volume, and driveway humbersin
the vicinity.

Some of the study sites are located in clearly rural areas, whereas
some are in suburban areas. From a study of the site characteristics,
the suburban sites were found to tend to have lower crash reduction
factors than did the rural sites. Suburban sites usually have more
driveways and higher traffic volumes, which may be the factors that
reduce the effectiveness of the safety improvement. From the scatter
plots of the rel ationship among traffic volume, number of driveways,
and crash reduction factors, itisclear that (a) the higher thetraffic vol-
ume, thelower the crash reduction factor, and (b) the greater the num-
ber of drivewaysinthevicinity of theintersection, thelower the crash
reduction factor (see Figures 3 and 4).

Also, some of the sites were treated with improvements such as
adding a left-turn lane or adding a traffic signal at the time of the
realignment. In these situations, it is difficult to separate the effects
of asingle type of improvement. These factors might contribute to
the variance among the crash reduction factors as well.

Consequently, an ANOV A was carried out to determine whether
or not combining these treatments resulted in additional safety ben-
efits. Table 5 presents the analysis data. The null hypothesisis that
the mean vaue is the same for each combination of treatment, and
the alternative hypothesis is that the mean value is different. The
ANOVA results are shown in Table 6. In this case, the two treat-
ments were regarded as independent from each other; the residual
of the crash reduction factor isnormally distributed. The results sug-
gest that we fail to reject the null hypothesisthat all the means are
the same at the 90 percent significant level. This is because the f-
value is smaller than f(1,5 | 90 percent) = 4.06 or the p-vaue is
larger than .10 (12).

InthePhase Il study, crash data of control group siteswere used
to adjust the observed crash dataat study sitesin an attempt to mit-
igate the regression-to-the-mean effect. Figure 5 compares the
results of the simple before-and-after study data for all the sites.
The regression-to-the-mean effect exists in ailmost all the cases,
and the magnitudes of thiseffect vary. In Site 2023, the regression-
to-the-mean effect appears to be negative, and this might imply
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TABLE 5 Crash Rate Reduction for Various Treatments

Crash
. Treatment Crashrate | Crash rate reduction
ID Site name Town name type* before after factor
treatment | treatment Py
1003 | Rt.163~Maple St Montville 1 2.522 0.580 77%
1005 | Rt.7~Candlewood Lake Rd| New Milford 1 2.217 1.375 38%
2012 | Rt.70~Rt.68 Cheshire 1 1.854 1.186 36%
2013 | Rt.44~Tolland St East Hartford 1 3.295 2.802 15%
2020 | Rt.174~Carr Ave Newington 1 1.111 0.404 64%
1002 | Rt.79~Sr.540 Madison 2 1.385 0.885 47%
2019 | Rt.123~01d Norwalk Dr New Canaan 2 1.867 0.989 36%
* 1: Realignment only. 2: Realignment + left-turn lane added.
TABLE 6 ANOVA Model for Comparison of Crash Rates
Source DF Ss:lll?;rzz Sl\; ::?e f-value p-value>f
Model 1 0.00089286 | 0.00089286
Error 5 0.27105000 | 0.05421000 0.02 0.9029
Corrected Total 6 0.27194286

Crash reduction factor

B simple before-and-after method

Cbefore-and-after study with control group

2016 1002 1003 1005 2019 1004 2011 2022 2013 2020 2012
0.2 1
1A 2A 2C 2C 3A 3A 4A 4A SA 5A 6C
-0.4 1
Site number and group number
-0.6

FIGURE 5 Comparison of before-and-after study data.
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that the improvement was implemented for reasons other than a
high rate of crashes.

CONCLUSIONS

The purpose of Phase I was to apply the procedure developed in
Phase | and obtain a crash reduction factor with statistical validity
for intersection realignment. Data collection and analysis proce-
dureswererefined by the greater numbers of sitesand larger quan-
tities of data. This includes both additional sites that received the
treatment (study sites) and similar sites that were not treated (con-
trol sites). I ntersection realignment improvement was distinguished
between main road curve and side road approach. Study intersec-
tionsinvolve either a curve on the main road being straightened or
askewed approach being realigned. Intersections and road sections
that have similar problems and similar background conditions that
were not improved served as control cases. The controls estab-
lished the baseline crash rates that would be expected if no im-
provement were implemented. The crash data of control siteswere
used to estimate group mean and variance of crash frequency for
the intersections. The observed crash count at each study site was
adjusted by group mean and variance to estimate the expected
crash frequency.

Both of the improvements studied appeared to reduce the total
number of crashes within 0.16 km (0.1 mi) of intersections. The
effect on different types of crashes was different. The treatment did
not necessarily reduce all types of crashes but instead might have
increased some. For the curve realignment improvement, run-off-
road crashes and head-on and rear-end crashes at the intersection
were more greatly reduced than other types of crashes. The crash
reduction for angle realignment differed noticeably by location.
Run-off-road crashesincreased at some sites.

Crash reduction factors were al so classified to site characteristics
such as area type, traffic volume, and number of driveways in the
vicinity. All of these factors appeared to help explain the crash
reduction factor’s magnitude.

In addition, over all thetreatments, the variance from caseto case
was large. For instance, the reduction factor for curve realignment
treatment changes from Site 1003 (77 percent) to Site 1005 (38 per-
cent) varied considerably. Therefore, it is alarming to note that the
sample mean was not sufficient to represent the population mean
because the sample size was too small or the samples were not
selected randomly. For instance, the average reduction factor was
44 percent after the curve realignment treatment. But it is highly
likely that the average reduction factor for the small number of sites
treated with realignment was not a fitted or precise estimate of the
population mean for all the sites with realignment treatment.

On the basis of the data in the exploratory study, intersection
realignment combined with the addition of aleft-turn lane does not
appear to have extrabenefitsin reducing the total number of crashes.
However, the conclusion provides traffic engineers with someindi-
cation that the benefits of comprehensive treatments are not always
greater than those of separate treatments not used in conjunction
with others.
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In the Phase |l study, some site characteristics such as areatype,
number of driveways in the vicinity, and traffic volume did appear
to have some effect on the crash reduction factor, but their statisti-
cal significance was not tested, and they also need to be quantified
infuture study. In addition, the effect of oneimprovement combined
with other improvements deserves further study.

In Phase |1, the EB method was used to estimate the crash rate for
a study site from its control group sites. Time trend in data was not
considered. Also, the effect of exposure wasassumed to belinear over
the number of crashes. In the next phase, the effect of these factors
will need to be considered and used to calibrate the EB method.
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